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Current status of Data Item Standardization
- What shall we do for Data Item Standardization?-
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Abstract: Many research and development projects supported by AMED established some data capture schemes for
clinical research. A data extraction from Electronic Medical Record system (EMR) and secondary use for clinical
research are emphasized because of workload decreasing and needs of source document keeping. We have a lot of
terminologies, master data, and code lists, and it is not easy to unify the master data in our hospital. The realistic
solution is to make a map between local master and standard master. Mapping workload is too heavy for hospital
staffs because standard master will be revised annually. Recently we developed a supporting system for mapping.
The system would release us from the workload. We also give attention to master contents distribution. CDISC
release Controlled Terminology every 3 months, and one useful solution, SHARE API, which enables us to retrieve
newest resources via web access is available. We will discuss reasonable maintenance of master data for EMR.
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